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Abstract

Recognizing characters printed on paper or images is important
not only for business use but also for literature research. In this
paper, we propose a method for recognizing old Japanese
characters printed on old documents. Our method combines two
classifiers for improving accuracy. One is a convolutional neural
net (CNN) that offers good performance for modern character
recognition, and the other is a classifier based on the character
aspect ratio that can discriminate specific old Japanese characters.
Experimental results show that the proposed method achieves
better performance compared with the conventional CNN based
classifier.

Key words: Character Recognition, Convolutional Neural Net,
Aspect Ratio
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