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kiyoshi kishida
ノート注釈
もう少しグラウトの既往研究，ボーリング孔の検査の既往研究を書いた方がいいのでは．でも，紙面がないか．
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ノート注釈
注入方法等は日本のやり方ではなくGIN工法を改良したものであることを記述するか，参考文献を記すべきである．
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2文字下がっている．
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図-2では．
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紙面がないので，今回はいいが，一つの事例でいいのでしょうか？手法も明確ではありません．
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X-ray CT is an effective means of nondestructively observing the segmentation of material and cracks
inside a rock sample, but it is difficult to segment materials in case that the CT values of constituent
materials are similar.

In this research, the material segmentation of the base rock, grout, and voids is automatically segmented
by machine learning from the X-ray CT image of the rock core in which cracks are filled with grout. The
segmentation result changes depending on how the teacher data is given during the classification process.
In this paper, we compared the segmentation results derived from the given teacher data and examined how
to give the optimum teacher data. As a result, diversity is important in the range of manual discrimination
that the teacher data learns.





