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Fig.1 Example of phenotypic character network.
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CausalNet. A screenshot of the integrated visualization system for phenotypic character networks. The main view shows

the phenotypic character network. The left column and bottom of the screen display the filtering interface for the
network and the related text information, respectively.
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Fig.3 Integration between gene network and phenotypic
character network.
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Fig.4 PheGeNet. A graphical user interface of our proposed explorative visualization system for phenotypic character network
(right) and gene network (left). Gene network is visualized using FM3 layout'® and phenotypic character network is

visualized using group-in-a-box layout!!¥.
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Fig.5 Usage scenario. Exploration results for gene
networks contributing to a specific phenotypic
character relationship. A latent gene suggested to
be related to the phenomena can be found via gene
network.
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Fig.6 A screenshot of the integrated visualization system
for the calcium wave analysis.
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Fig.7 Overview and detail analysis pipeline in the calcium
wave visualization system.
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